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Psychological assessment of offenders is important for efficient decision-making, prediction of
institutional misconduct, treatment planning and parole.3 Assessment improved with the introduction of
personality and psychopathology inventories, such as the Millon Clinic Multiaxial Inventory (MCMI-
11).4

The MCMI was originally developed for diagnostic decision-making and treatment planning for
psychiatric populations.® To date, no studies have examined the predictive use of the MCMI personality
profiles in a general inmate population. One advantage of using the MCMI-111 in predicting institutional
misconduct is that the instrument is already in wide use within the forensic system,® and does not add
significantly to staff workloads. Moreover, clinicians and case managers have been found to make
unreliable and inaccurate predictions of serious misconduct if they cannot base their Psychological
predictions on objective assessment data assessment The general assessment literature8 also supports the
need to use existing objective assessment devices.

The current study used the MCMI-I11 on an inmate population to predict institutional misconduct. The
incremental validity of MCMI-I11 was then examined to test its predictive power beyond readily
accessible data such as demographic information.

M ethodology

The study assessed 142 male offenders incarcerated in a medium-security federal institution
(Drumheller Institution). Their average age was 30.77 years (SD = 8.99; range 18-67). Their average
sentence length was 60.68 months (SD = 60.78). The sample was 59% Caucasian, 27% Aboriginal, 5%
Asian, 4% Hispanic, 4% Black and 1% other ethnic groups. These figures are comparable with
demographic statistics from western Canadian institutions.® Just over one third (35%) of the sample
were convicted of crimes against the person (i.e., sexual assault, physical assault and homicide), while
65% were convicted of other types of crimes (e.g., property, drug- and alcohol-related offences). The
participants’ age, ethnicity, type of offence and sentence length were included in the evaluation process.

The MCMI-111 is a 175-item inventory, scored in a true-or-false format and designed to be consistent
with the Diagnostic and Statistical Manual of Mental Disorders — Fourth Edition (DSM-1V).10 The
MCMI-I11 consists of 10 clinical scales, 11 basic personality scales and 3 severe personality scales.

Information on institutional misconduct was obtained from inmate records. Institutional misconduct was
defined by five behaviours:

1. number of official reprimands;



number of days spent in segregation;
number of early lock-ups;

number of monetary penalties; and
number of days of program suspension.
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MCMI-I11 data was collected during assessment, which was conducted shortly before the subjects’
admission to Drumheller Institution, as most of the inmates were routed through other institutions (e.g.,
Edmonton Maximum Security). Demographic information and institutional misconduct data were
gathered from administrative records. The average time from admission date to the collection of
behavioural misconduct information was 9.28 months (SD = 4.24).

Results

Reprimands are given for less serious misconduct.11 Reprimands are also a non-behavioural
consequence of misconduct, whereas other penalties have behavioural ramifications (e.g., paying fines,
going to segregation). Therefore, the reprimand records of each inmate Table 1 analysed separately
from more severe misconduct penalties. The results of this study are presented in two parts: individuals
with only reprimands were compared with the rest of the sample ( e. g., control group 1), and
individuals with behavioural penalties were compared with the rest of the sample ( e. g., control group
2).

In the prediction of reprimands, subjects were classified into two categories: reprimand (n = 21) and
control group 1 (n = 121). In a discriminant function analysis (DFA),12 the demographic variables of
age, sentence length and type of offence produced a correct classification rate of 50% in the prediction
of institutional reprimand (i.e., of the entire group, 50% were correctly identified as either receiving or
not receiving an institutional reprimand). When the MCMI-I11 scales were added to the demographic
variables, DFA correctly predicted the likelihood of reprimands for 80% of the inmates. MCMI-I11
scales that were strong predictors for the reprimand group (that is, for which the reprimand group scored
significantly higher than the control group) were the Somatoform Clinical Syndrome scale, the
Avoidant Personality scale and the Self-Defeating Personality scale.

To be included in the institutional misconduct group defined by behavioural penalties, subjects had to
have received one or more of the following consequences: segregation, early lock-up, monetary penalty
or suspension. Subjects were classified into two categories: the misconduct group (n = 41) and control
group 2 (n = 101). The demographic variables alone predicted behavioural penalties for 69% of the
inmates. This increased to 76% when the MCMI-I11 scales were included in the analysis. The results are
summarized in Table 1.

Tablel

Predictive Accuracy of the MCMI-111 in the I dentification of I nstitutional Misconduct
Reprimand Misconduct



Demographics + Demographics +

DemOgraph'CSMCMI—III Demographlc:slvlclvlI_III
Correct Classification 50% 80% 69% 76%
Sensitivity 91% 67% 71% 76%
Specificity 43% 82% 68% 76%

Note: Sensitivity is defined as the percentage of cases with the identified characteristics (i.e.,
reprimanded or misconduct)

who are correctly identified were compared as such by the instrument (e.g., of all the inmates who were
reprimanded,

how many are correctly identified as such by the procedure used?).

Specificity is defined as the percentage of cases without the identified characteristics (i.e., no
reprimand or no

misconduct) who are correctly identified as such by the instrument (e.g., of all the inmates who have
received no

behavioural penalties, how many were correctly identified as such the sample (e.g by the procedure
used?).

In this analysis, 11 variables emerged as significant predictors of institutional misconduct. Those
receiving behavioural penalties were younger and scored higher on the Narcissism, Aggressive-Sadistic,
Schizoid, Antisocial, Aggressive, Passive-Aggressive and Borderline personality scales. Higher scores
on the Compulsive personality scale are related to increased self-control and thus it is not surprising that
those receiving behavioural consequences for misconduct were found to score lower on the Compulsive
personality scale.

For the clinical scales, the misconduct group scored higher on the Alcohol Dependence and Thought
Disorder scales than the control group. The misconduct group also obtained significantly higher scores
on the Disclosure Modifying Index, indicating that they were more open and honest in responding to the
MCMI-I11. Such an unexpected finding may be a statistical artifact of elevated pathology in other
clinical and personality scales (i.e., the Disclosure scale on the MCMI-I11 is composed entirely of other
scales and thus having significantly higher scores on a large number of the individual scales would
increase the overall score of the Disclosure index) or may be attributed to an impulsive response style.

Conclusion

The results of this study indicate that the MCMI-I111 strengthens the data forensic practitioners can use to
predict misconduct in correctional facilities. This information, in turn, may be used to identify the
individuals who should be considered higher priorities for receiving appropriate psychological
interventions (e.g., impulse control training, problem-solving skills training) to reduce the amount of
behavioural misconduct in the prison system. Further research is necessary to establish cutoff scores for
use within specific institutions based on the needs of the institution and the demographic representation



of its population.
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